INTERNATIONALJOURNAL FOR TECHNOLOGICAL RESEARCH IN ENGINEERING

Volume 10, Issue 11, July-2023

ISSN (Online): 2347 - 4718

SENTIMENT ANALYSIS IN PRESENT SCENARIO: A
REVIEW

Vijay Chinia®, Dr Renu Bagoria®
M. Tech Scholar!, Professor?
L2Department of Computer Science
Jagannath University Jaipur (Rajasthan)

Abstract: Sentiment analysis, also known as
opinion mining, is a field of study focused on
extracting and analyzing emotions, attitudes, and
opinions expressed in textual data. With the
proliferation of online platforms and social media,
sentiment analysis has become essential for
understanding public sentiment towards different
entities such as products, services, and events. This
paper presents a comprehensive review of sentiment
analysis in the present scenario, encompassing
recent advancements, challenges, and applications.
The review begins by introducing the fundamental
concepts and approaches in sentiment analysis,
including lexicon-based methods, machine learning
techniques, and deep learning models. It
emphasizes the significance of pre-processing
techniques, feature extraction, and sentiment
classification algorithms. Additionally, the paper
explores recent developments in sentiment analysis,
such as the integration of domain-specific
knowledge, context-aware sentiment analysis, and
the utilization of multimodal data sources.
Challenges associated with sentiment analysis in
the present scenario are also addressed. These
challenges include handling sarcasm, irony, and
figurative language, as well as adapting to the
dynamic nature of language and evolving social
media platforms. The paper examines the ethical
considerations and biases that may arise in
sentiment analysis, stressing the importance of
transparency, fairness, and accountability in
automated sentiment analysis systems.

Furthermore, the paper discusses practical
applications of sentiment analysis across various
fields, including market research, brand
management, political analysis, and customer
feedback analysis. It highlights how sentiment
analysis can offer valuable insights for decision-
making, reputation management, and
understanding public opinion trends.

In  conclusion, this review provides a
comprehensive overview of sentiment analysis in
the present scenario, encompassing recent
advancements, challenges, and applications. It

serves as a valuable resource for researchers,
practitioners, and policymakers interested in
leveraging sentiment analysis techniques for a
range of purposes.
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1. INTRODUCTION

Sentiment analysis, also known as opinion mining, is
a computational technique used to extract and
analyze sentiments, emotions, and attitudes
expressed in textual data. Its significance stems from
its ability to provide valuable insights into public
opinion, customer feedback, market trends, brand
reputation, and political sentiments. This information
empowers organizations and policymakers to make
data-driven decisions, enhance customer satisfaction,
manage their online presence, and stay ahead of the
competition.[1]

Understanding Public Opinion: Sentiment analysis
allows organizations to understand public sentiment
towards various entities, including products, services,
brands, and social and political issues. By analyzing
large volumes of textual data from sources like social
media, reviews, and surveys, sentiment analysis
provides valuable insights into public perception and
helps organizations gauge customer satisfaction and
preferences. [1]

Customer Feedback Analysis: Sentiment analysis
enables businesses to analyze customer feedback
effectively. By categorizing sentiments as positive,
negative, or neutral, organizations can identify areas
for improvement, address customer concerns, and
enhance the overall customer experience. This helps
businesses build stronger relationships with their
customers and improve customer satisfaction and

loyalty. [2]

Market Research and Brand Management:
Sentiment analysis plays a vital role in market
research by providing insights into consumer
preferences, sentiment trends, and emerging market

www.ijtre.com

Page 79



INTERNATIONALJOURNAL FOR TECHNOLOGICAL RESEARCH IN ENGINEERING

Volume 10, Issue 11, July-2023

ISSN (Online): 2347 - 4718

trends. It allows organizations to monitor online
discussions, track brand sentiment, and gain a
competitive edge by understanding consumer
sentiment towards their products and services. This
information guides marketing strategies, product
development, and brand positioning efforts. [2]

Reputation Management: Sentiment analysis helps
organizations monitor and manage their online
reputation effectively. By tracking sentiment towards
their brand, products, or services, companies can
identify potential issues or negative sentiments early
on and take proactive measures to address them. This
proactive approach to reputation management helps
maintain a positive brand image and build trust
among customers.

Political Analysis and Public Policy: Sentiment
analysis has become increasingly valuable in
political analysis and public policy formulation. By
analyzing sentiments expressed in social media,
news articles, and public forums, policymakers can
gauge public sentiment towards policies, political
figures, and societal issues. This information informs
policy decisions, campaign strategies, and helps
politicians understand and address the concerns and
preferences of their constituents.

Social Listening and Crisis Management:
Sentiment analysis enables organizations to engage
in social listening by monitoring and analyzing
conversations on social media platforms. By
identifying and analyzing sentiments, organizations
can stay informed about public sentiment, emerging
trends, and potential crises. This allows them to take
proactive measures to address negative sentiment,
manage crises effectively, and maintain a positive
brand image. [2]

In summary, sentiment analysis plays a crucial role
in understanding public opinion, customer feedback,
market trends, brand reputation, and political
sentiments. By leveraging sentiment analysis,
organizations and policymakers can make data-
driven decisions, enhance customer satisfaction,
manage their online presence, and stay ahead in
today's competitive and dynamic business landscape.

2. SENTIMENT ANALYSIS
APPROACHES

Sentiment analysis encompasses various types or
approaches, each with its own characteristics and
applications. Here are some commonly recognized
types of sentiment analysis: [3]

e Lexicon-Based Approach: This approach
relies on pre-built sentiment lexicons or

dictionaries that contain words or phrases
associated with positive and negative
sentiment. Each word in the text is assigned
a sentiment score based on its presence in
the lexicon. The overall sentiment of the
text is calculated by aggregating the
sentiment scores of individual words. This
approach is relatively straightforward and
computationally efficient but may not
capture contextual nuances or handle
domain-specific language effectively. [3]

Machine Learning-Based Approach:
Machine learning-based sentiment analysis
involves training a model on labeled
datasets to predict the sentiment of textual
data. This approach uses various machine
learning algorithms, such as Naive Bayes,
Support Vector Machines (SVM), Random
Forest, or Neural Networks, to classify text
into  positive, negative, or  neutral
sentiments. It requires a labeled dataset for
training, and the model learns patterns and
features to make sentiment predictions.
Machine learning-based approaches can
handle context and domain-specific
language better than lexicon-based methods.
Aspect-Based Sentiment Analysis: This
approach focuses on analyzing sentiments at
a more granular level, specifically targeting
aspects or features within a text. It aims to
identify sentiments associated with different
aspects of a product, service, or entity
mentioned in the text. Aspect-based
sentiment analysis provides more detailed
insights into the wvarious aspects of
sentiment associated with a particular entity.

Comparative Sentiment  Analysis:  This
approach involves comparing sentiments
between multiple entities or aspects within a
text. It aims to identify and analyze the
relative  sentiment expressed towards
different entities or aspects. This type of
analysis is useful for understanding the
comparative preferences or opinions of
users.[3]

Emotion Detection: Emotion detection goes
beyond simple positive/negative sentiment
classification and aims to identify specific
emotions expressed in the text. It involves
recognizing emotions such as joy, sadness,
anger, fear, and surprise. Emotion detection
can provide deeper insights into the
emotional states of individuals or the overall
emotional tone of a text. [4]

Multilingual ~Sentiment  Analysis:  This
approach focuses on analyzing sentiment in
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texts written in different languages. It
involves addressing the challenges of
language-specific ~ nuances, idiomatic
expressions, and linguistic variations.
Multilingual sentiment analysis is important
for businesses operating in global markets
and seeking to understand sentiment across
diverse linguistic contexts. [4]

These are some of the key types of sentiment
analysis approaches commonly employed. Each type
has its own advantages and limitations, and the
choice of approach depends on the specific goals,
data availability, and the level of granularity required
for the analysis. Organizations and researchers often
combine multiple approaches to gain comprehensive
insights from sentiment analysis.

3. APPLICATIONS

Sentiment analysis, also known as opinion mining, is
a computational technique that involves the
extraction and analysis of sentiments, emotions, and
attitudes expressed in textual data. It plays a crucial
role in understanding and interpreting human
opinions, making it an invaluable tool in today's
data-driven world. The importance of sentiment
analysis stems from several key factors: [5]

Understanding Public Opinion: Sentiment analysis
provides valuable insights into public sentiment
towards various entities such as products, services,
brands, events, and even social and political issues.
By analyzing large volumes of textual data from
sources like social media, online reviews, and
customer feedback, sentiment analysis can help
organizations, businesses, and policymakers gauge
public opinion and make data-driven decisions. [5]

Customer Feedback Analysis: Sentiment analysis
enables businesses to analyze customer feedback and
reviews effectively. By categorizing sentiments as
positive, negative, or neutral, organizations can gain
a deeper understanding of customer satisfaction
levels, identify areas for improvement, and make
informed business decisions to enhance customer
experience and loyalty.

Market Research and Brand Management:
Sentiment analysis plays a crucial role in market
research by providing insights into consumer
preferences, sentiment trends, and emerging market
trends. Organizations can monitor online discussions,
track brand sentiment, and gain a competitive edge
by understanding consumer sentiment towards their
products and services. This information can guide
marketing strategies, product development, and
brand positioning efforts.

Reputation Management: Sentiment analysis helps
organizations monitor and manage their online
reputation. By tracking sentiment towards their
brand, products, or services, companies can identify
potential issues or negative sentiments early on and
take proactive measures to address them. This
proactive approach to reputation management can
help mitigate any potential damage and maintain a
positive brand image.

Political Analysis and Public Policy: Sentiment
analysis has become increasingly valuable in
political analysis and public policy formulation. By
analyzing sentiments expressed in social media,
news articles, and public forums, policymakers can
gauge public sentiment towards policies, political
figures, and societal issues. This information can
inform policy decisions, campaign strategies, and
help politicians understand and address the concerns
and preferences of their constituents. [6]

Social Listening and Crisis Management:
Sentiment analysis allows organizations to engage in
social listening by monitoring and analyzing
conversations happening on social media platforms.
This helps them stay informed about public
sentiment, emerging trends, and potential crises. By
identifying and addressing negative sentiment or
issues promptly, organizations can effectively
manage and mitigate potential crises. [6]

Overall, sentiment analysis holds immense
importance in today's data-driven landscape. It helps
organizations  make  data-backed  decisions,
understand customer needs and preferences, manage
their online reputation, and stay ahead of market
trends. By leveraging sentiment analysis, businesses
and policymakers can gain a competitive advantage,
enhance customer satisfaction, and make informed
strategic choices in a dynamic and rapidly evolving
digital world.

4. RELATED WORK

In recent decades, sentiment analysis has gained
significant attention as a valuable tool for
understanding public opinion, customer feedback,
market trends, and more. Researchers have proposed
various methodologies and approaches to address the
challenges and complexities of sentiment analysis in
different contexts. Let's summarize the key findings
and contributions of the mentioned research papers:

C. Zhao, C. Hu, and T. Peng [7] propose a
methodology for summarizing product assessments
in Chinese short messages. Their approach involves
sentiment  classification using  subject-specific
sentiment dictionaries and considering degree verb
modifiers and various negations. The authors
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demonstrate that their technique achieves higher
precision compared to previous methods and utilize
word cloud images to provide visual insights for
marketing experts.

Z. Singla, S. Randhawa, and S. Jain [8] emphasize
the usefulness of online reviews in making profitable
decisions for big data businesses. They highlight that
online reviews not only benefit consumers but also
provide valuable insights for product producers.
Positive and negative reviews play a crucial role in
understanding customer requirements and feedback.

P. R. Mala and S. S. Devi [9] focus on sentiment
extremity classification using online product reviews
from Facebook. Their system analyzes users'
emotions and sentiment patterns based on comments
in a post. The study explores the number of emoticon
reactions, comments, and polarity of comments to
evaluate sentiments.

N. M. Shelke, V. Thakre, and S. Deshpande [10]
tackle the challenge of linguistic shifters in sentiment
analysis. They address the impact of linguistic
shifters such as refutations, valence shifters,
diminishers, and intensifiers on sentiment
expression.  Their domain-independent  system
enhances the accuracy and completeness of
sentiment analysis, making it applicable across
different domains and industries.

Y. Hegde and S. K. Padma [11] focus on sentiment
analysis for Kannada language using the Naive
Bayes classifier. They propose the use of the
Random Forest algorithm to improve the
performance of sentiment analysis in Kannada. The
authors address challenges such as handling multi-
class labels and identifying sentiment in comparative
and unexpected expressions, leading to improved
overall accuracy.

Overall, these research papers contribute to the
advancement of sentiment analysis by proposing
novel methodologies, addressing language-specific
challenges, considering linguistic shifters, and
improving the accuracy and performance of
sentiment classification in various contexts and
languages. Their findings have implications for
product assessment, market research, brand
management, and sentiment analysis in multilingual
settings

Table 1. Approaches in Related Papers

Researc | Key Focus Proposed Advantages
h Paper Solution
C. Zhao, | Product Methodolog Summariza
C. Hu, Assessmen | y for tion of
and T. t summarizin product
Peng [7] | Summariz | g product assessment
ation in assessments sin
Chinese in Chinese Chinese
Short short short
Messages | messages messages
using Higher
subject- precision
specific compared
sentiment to previous
dictionaries, methods
degree verb Visual
modifiers, insights
and through
negations. word cloud
Utilization images
of word
cloud
images for
visual
insights.
Z. Utilizing Emphasis Importance
Singla, Online on the of online
S. Reviews usefulness reviews for
Randha | for of online consumers
wa, and | Profitable | reviews for and product
S. Jain Decision making producers
[8] Making profitable Valuable
decisions in insights for
big data decision
businesses. making
Highlightin Understand
g the role of ing
pOSitiVE and customer
negative requiremen
reviews in ts and
understandi feedback

ng customer
requirement
sand
feedback.
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P.R. Sentiment | Analysis of Sentiment
Mala Extremity | sentiment analysis
and S. S. | Classificati | extremity using
Devi [9] | onusing using online Facebook
Facebook product product
Product reviews reviews
Reviews from Examinatio
Facebook. n of
Evaluation emoticon
of users' reactions,
emotions, comments,
sentiment and
patterns, polarity
emoticon Evaluation
reactions, of
comment sentiment
count, and extremity
comment
polarity.
N. M. Sentiment | Addressing Considerati
Shelke, Analysis the impact on of
V. with of linguistic linguistic
Thakre, Linguistic | shifters on shifters in
and S. Shifters sentiment sentiment
Deshpan analysis, analysis
de [10] including Enhanceme
refutations, nt of
valence accuracy
shifters, and
diminishers, completene
and ss
intensifiers. Applicabilit
Domain- y across
independent different
system domains
enhancing and
accuracy industries
and
completenes
s of
sentiment
analysis.
Y. Sentiment | Proposal of Sentiment
Hegde Analysis sentiment analysis for
and S. for analysis for Kannada
K. Kannada Kannada language
Padma Language language Utilization
[11] using the of Naive
Naive Bayes Bayes and
classifier Random
and Random Forest
Forest algorithms
algorithm. Improved
Handling accuracy in
challenges handling
of multi- multi-class
class labels, and
comparative comparativ
expressions, e

and
unexpected
expressions.
Improved
overall
accuracy.

expressions

5. CONCLUSION

In conclusion, sentiment analysis is a powerful tool
that allows businesses, organizations, and
policymakers to gain insights into public sentiment,
customer opinions, and market trends. It enables
data-driven decision-making, enhances customer
satisfaction, and helps manage brand reputation
effectively. Sentiment analysis has applications in
market research, customer feedback analysis, brand
monitoring, reputation management, social media
analytics, political analysis, and financial markets.

The advancements in sentiment analysis techniques,
such as aspect-based analysis, comparative analysis,
and emotion detection, provide a deeper
understanding of sentiments and emotions expressed
in textual data. However, challenges like handling
sarcasm, irony, and ethical considerations need to be
addressed for more accurate and fair sentiment
analysis.

Overall, sentiment analysis empowers organizations
to make informed decisions, stay ahead of market
trends, and engage with their audience effectively.
As sentiment analysis continues to evolve, it will
play an increasingly important role in shaping the
future of data-driven  decision-making and
understanding sentiment in the ever-changing digital
landscape.
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